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Least Squares vs Kalman Filter
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Neural Network
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Training Result
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KF Inputs for 50 tracks
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KF Inputs for 50 tracks
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4H Outputs for 50 tracks

600

#50 .
400_—

200—

0

-200—

400

- ] L1 | | | | | ] | | |
6(1%00 -400 -200 0 200

400 600




HoT Outputs for 50 tracks
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